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INTRODUCTION

On the one hand, some businesses are effectively using Al to increase production and efficiency
Wamba et al., 2020). However, some are having significant difficulties, particularly with relation to
staff acceptance and adaptation (Duan et al., 2019; Srivastava & Maity, 2023; Sutomo et al., 2024).
This suggests that the success of Al implementation depends not only on the technology itself, but
also on the readiness of human resources in the face of change (Chowdhury et al., 2023; Martinez-
Plumed et al., 2021). The challenge is even more prominent because employee performance, as a
key element in the successful implementation of Al technology, is often the main determinant of
whether the adoption of the technology will bring benefits or create new problems (C. Chen, 2024).
It’s crucial to keep in mind that technology has social aspects, and staff members can influence how
it is used and interacted with (Lawton, 2009; Sen et al., 2022). When confronted with Al
technologies, employees exhibit various behavioral and psychological reactions such as embracing
or accepting (Cugurullo & Acheampong, 2024; Dwivedi et al., 2021; Li et al., 2024; Prentice et al.,
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2020), rejecting (Jarrahi, 2018; Longoni et al., 2019; Zhou et al., 2023), and avoiding (Kurochkina
et al., 2023; Pillai et al., 2024), which may enhance or inhibit the efficient use of Al (Kong et al.,
2023). The duality of AI’s impact is apparent in this context. Al has great potential to increase
productivity through automation of routine tasks Tschang & Almirall, 2021), provision of data-
driven insights T. Chen et al. (2023), and optimization of work processes (Johnson et al., 2021).
However, on the other hand, Al can also present challenges such as job insecurity He et al., 2024),
pressure to constantly adapt Dwivedi et al., 2021), and possible detrimental effects on workers’
wellbeing and motivation (Nazareno & Schiff, 2021). This reality creates an urgent need to
understand better how organizations can effectively manage this duality. Numerous earlier studies
have looked at how Al affects enterprises (Huang & Rust, 2018; Jarrahi, 2018; Naamati-Schneider
et al., 2024). Huang & Rust (2018) found that Al can improve customer service efficiency, but often
reduces the personal relationship element, leading to decreased employee job satisfaction.

Jarrahi (2018) suggested that Al acts as a “cognitive partner” that helps solve complex tasks,
although it often creates concerns about the role of humans being marginalized. Meanwhile,
Naamati-Schneider et al. (2024) showed that while Al can increase productivity, poor
implementation risks job stress and burnout. Although the topic of Al adoption has been widely
discussed in management and Human Resource Management (HRM) literature, most previous
studies primarily focus on the relationship between Al implementation and organizational outcomes,
such as operational efficiency, service quality, and overall organizational performance.
Consequently, limited attention has been given to understanding how Al directly influences
individual employee performance within organizations. Research (Huang & Rust, 2018), for
example, focuses on the customer service aspect at the organizational level, without addressing how
the duality of AI’s impact affects internal employee performance. Jarrahi (2018) emphasized
human—AI collaboration but did not explore the psychological stress experienced by employees.
Meanwhile, Naamati-Schneider et al. (2024) highlighted the risk of burnout associated with Al
implementation. Still, they did not provide a comprehensive framework explaining how both the
positive and negative impacts of Al simultaneously influence employee performance.

Consequently, the research gap that forms the foundation of this study lies in the lack of
comprehensive studies specifically examining the impact of Al on employee performance from a
dual-impact perspective (positive and negative). Existing studies tend to analyze the effects of Al in
a fragmented manner, focusing either on its positive contributions, such as productivity
improvement, or on its negative consequences, such as job insecurity and technostress, without
integrating both perspectives simultaneously. However, there is still a limited systematic synthesis
that integrates technological, organizational, and psychological perspectives to explain the dual
impact of Al on employee performance. Therefore, this study aims to address this gap by providing
a systematic literature review that analyzes the dual impact of Al on employee performance and
identifies contextual factors that shape employees’ responses to Al in the workplace. By
synthesizing findings from previous studies, this research seeks to explain how Al simultaneously
influences employee productivity, well-being, and work behavior. Through this integrated
perspective, the study contributes to the literature by offering a clearer conceptual understanding of
how Al generates both opportunities and challenges for employee performance. It is anticipated that
this article will serve as a resource for academics, practitioners, and corporate leaders seeking to
manage Al deployment humanely and effectively.

LITERATURE REVIEW

The Effect of Artificial Intelligence on Employee Performance

Artificial Intelligence (Al) in this context refers to technologies that are capable of mimicking human
intelligence to perform various tasks, such as data analysis, decision-making, process automation,
and natural language-based interactions (S. J. Shaikh, 2023). In the work environment, Al plays an
important role in supporting or replacing routine tasks, providing deeper insights through analysis,
and driving business innovation (Burstrom et al., 2021). On the other hand, employee performance
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describes the level of success of individuals in completing the tasks and responsibilities given by the
organization, which is assessed based on productivity, work quality, efficiency, innovation, and
adaptability (Retnowati & Darma, 2024; Vuong & Nguyen, 2022). In the application of Al, the
success of employee performance is not only determined by the completion of tasks with the help
of technology (Narayanamurthy & Tortorella, 2021), but also by the extent to which the technology
can be effectively utilized to improve work results and create added value for the organization
(Maddikunta et al., 2022). The arrival of Al encourages employees to develop innovative thinking
and more advanced human-machine collaboration skills (Downes et al., 2021; Kong et al., 2023).
These skills are required to handle increasingly complex tasks while maintaining a competitive edge
in collaborative work environments. Thus, efforts to improve employee well-being and work
performance are not only a must for organizations in adjusting to technological changes, but also an
important element for employee career development (Park et al., 2021). The use of Al in
organizational management has therefore become a significant concern in recent studies (Harju et
al., 2021; Pei et al., 2024; Tong et al., 2021). However, previous studies often explain the impact of
Al either from the perspective of productivity improvement or from the risks associated with
technological change. This study adopts the concept of Al impact duality, which views Al as
simultaneously creating opportunities and challenges for employees. To explain this duality, this
research integrates several theoretical perspectives that help understand how employees perceive,
interact with, and respond to Al technologies in the workplace.

Specifically, this study integrates the Technology Acceptance Model (TAM), Task Technology Fit
(TTF) Theory, and Cognitive Appraisal Theory as the conceptual basis for explaining how Al
adoption can influence employee performance both positively and negatively. This research also
refers to the Effective Performance Model proposed by Boyatzis (1991), which emphasizes the
importance of balancing emotional, social, and technical competencies in achieving optimal
performance. When employees possess the necessary competencies to work with Al technologies,
the technology can enhance performance. Conversely, the lack of these competencies may lead to
stress or decreased performance.

The Technology Acceptance Model (TAM)

Perceived utility and ease of use are important factors in determining technology acceptability,
according to Davis (1989), the Technology Acceptability Model (TAM). In Al adoption, these
perceptions are often influenced by the level of technological literacy, training provided, and
organizational communication about the long-term benefits of Al (Brougham & Haar, 2018). In
addition, successful Al adoption is also influenced by the extent to which organizations can integrate
this technology with existing work processes without creating significant barriers for employees
(Soomro et al., 2024). In the context of Al impact duality, TAM explains that when employees
perceive Al as useful and easy to use, they are more likely to accept and utilize the technology,
which can improve work efficiency and performance. Conversely, negative perceptions of Al may
lead to resistance that hinders performance.

Task Technology Fit Theory

In the context of technology adoption, employee performance is frequently impacted by several
factors, such as organizational support, perceived technological benefits, and flexibility (Gibson et
al., 2022). According to Goodhue & Thompson (1995), Task Technology Fit Theory, the degree to
which technology facilitates employee tasks has a significant impact on the success rate of
technology adoption. Although technological assistance for task completion is frequently seen
favorably in the context of Al, the requirement for relearning and personalization may have an
impact on worker productivity and motivation (Trenerry et al., 2021). In the context of Al, TTF
explains that Al technologies can enhance performance when their capabilities align with job
requirements. However, when Al systems are poorly aligned with employee tasks or require
significant adjustments, they may reduce productivity and motivation.
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Cognitive Appraisal Theory

Cognitive appraisal theory by Lazarus (1984) explains individual responses to new or challenging
situations based on initial judgments influenced by perceptions, knowledge, and goals. This
assessment includes cognitive and emotional aspects, resulting in a response of engagement or
avoidance (Bhattacherjee et al., 2018). In the context of Al implementation, this theory helps explain
employees’ psychological responses to Al. Employees who perceive Al as an opportunity may
experience positive motivation and engagement, while those who perceive it as a threat may
experience stress, anxiety, or avoidance behavior. Individuals with limited resources tend to view
situations as threats, triggering stress or anxiety, while those with stronger competencies view them
as opportunities that generate positive emotions (Spataru et al., 2024).

METHOD

This study employs a qualitative methodology, gathering information about the effects of artificial
intelligence on worker performance generally, without regard to industry, using a systematic
literature review (SLR) approach and searches on the Scopus database. The Preferred Reporting
Items for Systematic Literature Review and Meta Analysis (PRISMA) technique was used in
conjunction with the SLR method to conduct this study. The literature search used keywords such
as “Artificial Intelligence”, “Employee Performance”, “Impact of AI”, “Positive Impact”, and
“Negative Impact”. The procedures include formulating the research question, establishing the
review methodology, carrying out an assessment, and conducting a descriptive analysis of the
findings.

Defining Research Questions

The first step in this research is to determine specific and directed research questions (RQ). Research
questions serve as a guide in the literature search process. The study’s research questions are as
follows:

RQ 1: How does Al affect employee performance, both positively and negatively?

RQ 2: Which factors can affect employee performance positively or negatively?

RQ 3: How can organizations mitigate the negative impact of Al while maximizing the benefits?
RQ 4: What do previous researchers on the literature of Al on employee performance suggest for
future research?

Defining the Review Protocol

The review protocol was created to ensure the research was conducted in a systematic and
transparent manner. In addition, the protocol also included the literature selection method and the
tools used for analysis. The inclusion criteria for this study were: Articles relevant to the topic of Al
and employee performance, articles published in reputable journals or Scopus-indexed publications,
and publications in the last 5 years (2020—2025). Additional criteria included articles written in
English and available in full text. Exclusion criteria included duplication, articles not available in
full text, and articles not written in English.

Literature Evaluation

Once the protocol was established, the literature obtained through the initial search was evaluated
following the PRISMA framework, consisting of identification, screening, eligibility, and inclusion
stages. The initial search identified 212 articles from the Scopus database. During the screening
stage, duplicates and articles not relevant to the research objective based on title, abstract, and
keywords were removed, resulting in 58 articles remaining for further evaluation. In the eligibility
stage, a full-text review was conducted, and 44 articles were excluded because they were not directly
related to the research objective. Finally, 14 articles were included as the final sample for analysis.
The PRISMA method uses a flowchart to show the number of articles screened at each stage, from
the initial search to the final literature analyzed. The purpose of this review is to guarantee that the
analysis contains only high-quality and pertinent content.
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Conducting Descriptive Analysis of Results

The literature that passed the evaluation stage was then analyzed descriptively. This analysis
includes identifying research trends, methods used in previous studies, main results reported, and
research gaps found. The selected 14 articles were synthesized to identify patterns of the positive
and negative impacts of Al on employee performance. The results of this descriptive analysis form
the basis for drawing conclusions and recommendations that can be applied in practice.

INCLUSION CRITERIA
1. Publication Type: Academic Journal
2. Year of Publication : 2020 until 2025
—» 3. Relevant Topics With "Artificial
Intelligence” and "Employee Performance”
4. Language: English
“Positive Impact”, "Negative Impact” 5. With Full Text Available

— ! i

212 Reference Found

'

154 EXCLUDED
1. Duplicated Articles
2. Not Completely in English
3. Not relevant with general aim of the
research based on title, abstract and
keyword

Record identification through
database searching from Scopus
Website
search strings
"Artificial Intelligence”, "Employe
Performance”, "Impact of Al",

|dentification

Screening

58 Screened

|

44 EXCLUDED
Not relevant with the aim of the research,
based on the full text

l

14 Articles (Final Sample)

Eligibility

Included

Figure 1. PRISMA SLR
Source: Adapted from PRISMA 2020

RESULTS AND DISCUSSION

Table 1 presents the findings of this literature review, including the article’s name, the variables
used in the research, the findings, and the effect of AI on worker behavior and performance. Present
the table as follows:

Table 1. Literature Review Result

1 The Janus Face -Independent This research Al improved Positivewith
of  Aurtificial variables: Artificial is quantitative employee deployment
Intelligence Intelligence causal study performanceby effect
Feedback: (Deployment Effect using multiple 12.9%. Negative
Deployment and Disclosure regression. However, because it can
versus Effect, Employment Primary data when reduce
Disclosure Tenure). were obtained employees productivity
Effects on from 265 knew feedback due to the
Employee -Dependent employees of was  coming disclosure
Performance, variable: Employee Omega Corp (a from Al, effect
(Tong et al., Performance financial performance
2021), service dropped by

company in 5.4% due to
Asia) through low  trustand
questionnaires  job

witha  cross- replacement
section concerns. This

approach. The

negative impact
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2 Analyzing the

impact of
artificial
intelligence on
employee
productivity:
the mediating
effect of
knowledge
sharing  and

well-being, (F.
Shaikh et al.,
2023)

3 Attificial
intelligence as
a  boundary-
crossing object
for employee
engagement
and
performance,
(Prentice et al.,
2023)

The following
independent
variables: Al

-Knowledge sharing
(KS) and employee
mental health and
wellbeing

(EMHWB) are
mediating variables.

-Moderating Factor:
Leadership in
Technology (TL)
-Dependent
variable:
Productivity
employees (EP)

of

-Independent
Variable: Al Service
Performance
-Moderating
Variable:
Security
-Mediating
Variable:
Engagement
Employe
Quality
-Dependent
Variable:
Performance

Job

Job
and
Service

Job

analysis  was
conducted
using
ANOVA, with
random
sampling
technique.
This research
is a
quantitative
causal  study
using  SEM-

PLS.Data was
collected from
184  medical
personnelof
hospitals

Pakistan

(population
600) through
questionnaires.

in

This research
is a
quantitative
causal  study
with SEM-
PLS.Data were
collected from
219 full- time
employees in
Australian
service
companies
with
>1

year of

wasmilderfor
employees with
longer tenure.

By mediating
knowledge
sharing
promoting
mental health
and well-being,
Al  increases
worker
productivity in
the healthcare
industry. These
results
demonstrate
how crucial
social cognitive
theory is to the
use of Al. More
research on the
connection
between
productivity,
well-being, and
information
sharing is
necessary, as
shown by the
rejected
hypothesis
about
moderating
effect
technological
leadership.

Job security
improves
engagement
and service
performance,
which in turn
mediates  the
substantial
impact of Al on
job
performance.

and

the

of

Positive with
the mediation
of knowledge
sharing, but the
moderating
effect of
technological
leadership has
no effect on
employee
productivity.

Positive when
work
engagement
and service
performance
are mediated.
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4  Rebooting
employees:
upskilling for
artificial
intelligence in
multinational
corporations,
(Jaiswal et al.,
2022)

5 A study of
artificial
intelligence on
employee
performance
and work
engagement:
the moderating
role of change
leadership,
(Wijayati,
Rahman,
Fahrullah, et
al., 2022)

6  The Impact of
Improving
Employee
Psychological
Empowerment
and Job
Performance
Based on Deep
Learning and
Artificial
Intelligence,
(Fan et al,
2023)

7  The Influence
Mechanism of
Authentic
Leadership in
Artificial

- Key Variable: Al
Adoption
(Independen)

- Outcome:
Upskilling Skills

Artificial
intelligence is
independent.
-Moderating:
Leadership in
change
-Dependent:
engagement
employee
performance

Work
and

Artificial
intelligence (Al) is
independent.
Mediating:
Empowerment of the
mind
-Dependent:
output

Work

-Independen:
Authentic
Leadership (AL)

- Mediating:
Psychological safety

service through
questionnaires.
This
qualitative
research
involved
experienced
professionals
in Indian IT
sector MNCs,
analyzed using
Gioia's
methodology.

20

254 workers in

the  banking
and service
industries  in
East Java

participated in
this

quantitative
study, which
was examined
using SEM
with  AMOS
22.0.
Regression and
Deep
Learning-
based Back
Propagation
Neural
Networks
(BPNN) were
used to
examine the
data from this
quantitative
study, which
covered 352
workers in
China.

102 team
leaders and
697 team
members from
Chinese Al

The study
found that the
five key
competences
needed to
upskill
professionals in
the face of Al
are data
analysis, digital
skills, advanced
cognitive skills,
decision
making,
continuous
learning.
Al significantly
improves
worker
performance
and
engagement,
and the
relationship s
moderated by
change
leadership.

and

Al  increases
employees
psychological
empowerment,
which affects
work
performance.
The evaluation
of working
conditions (job
satisfaction,
pressure, and
performance) is
analyzed using
the BPNN
algorithm
model.
Psychological
safety mediates

the relationship
between
individual AL

Positive with
upskilling
skills

Positive with
the moderating
Influence  of
change
leadership.

Positive with
the mediating
Influence  of
psychological
empowerment.

Positive

with Authentic
Leadership
support
meditation

and
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Intelligence
Team
Employees'
Performance,
(Hao et al,
2020a)

on

Analysing the
Impact of
Robot,
Artificial
Intelligence,
and  Service
Automation
Awareness,
Technostress
and
Technology
Anxiety
Employees'
Job
Performance in
The
Foodservice
Industry,
(Lestari et al.,
2023)
Harnessing the
power of
artificial
intelligence
(AD): a
paradigm shift
in HRM
practices  for
employee
sustainable
performance,
(Chin et al,
2024)

on

(individual
Team
(team level)

level),
atmosphere

- Dependent:

Employees
performance

Robot,
Intelligence,

Artificial
and

Service Automation
(RAISA) awareness

is independent.

-Mediating:

Technology anxiety

and stress
-Dependent:
Performance

-Independent:
integration
-Mediating:
procedures,
organizational
digital culture

Job

Al

HRM

Adoption of Al is

moderating
-Dependent:
Sustainable
performance
employees

of

businesses
participated in
this
quantitative
study, which
was examined
using  Cross-
level analysis.

This
quantitative
research
involved
employees
fast-food
restaurants  in
Jakarta, using
snowball
sampling
techniques and
questionnaire
analysis.

147
of

Employees of
upscale hotels
in  Malaysia
participated in
this

quantitative
study; the
sample  was

selected using
G*Power and
examined
using  SPSS
28.0 and
SmartPLS 4.

behavior and
performance,
whereas team
milieu mediates
the association
between team
AL conduct and
individual
performance.
Teams working
on developing
Al technologies
perform better
under authentic
leadership.
RAISA
awareness has a
positive effect
on
technostress,
technology
anxiety, and
employee work
performance,
but
technostress
and technology
anxiety have a
negative impact
on work
performance in
fast food
restaurants.

Although it has
nothing to do
with the digital
culture of the
company, Al
integration
improves long-
term  success.
Digital culture
promotes
sustainable
performance,
whereas HRM
practices have
an impact on it.
Al  has no
moderating
effect on the
link  between

psychological
safetyand team
atmosphere.

Positive with
RAISA
awareness, but
negative due
to the
influence  of
technostress
and technology
anxiety.

Positive:
Integration of
Al  improves
performance

over the long
run.

Negative
because  the

use of Al does
not support the
link between
HRM and
performance.

Wiga : Jurnal Penelitian llmu Ekonomi

Volume 16, Number 1, March 2026| 190


https://ejournal.itbwigalumajang.ac.id/index.php/wiga

|] wmA 7

4 mmlmﬂmmmnm'

&%.

E-ISSN : 2549-5992, P-ISSN : 2088-0944

Available online at:

https://ejournal.itbwigalumajang.ac.id/index.php/wiga

10 The Effect of
Job Skill
Demands
Under
Artificial
Intelligence
Embeddedness
on Employees’
Job
Performance:
A Moderated
Double-Edged
Sword Model,
(N. Chen et al.,
2024a)

11 Innovative

Work
Behavior and
Job
Performance

of  Corporate
Employees in
the Age of
Artificial
Intelligence,
(S. Chen et al.,
2024)

12 Challenge or
Hindrance?
How
When
Organizational
Artificial
Intelligence

and

-Independent:
Requirements  for
job  skills under
embedded Al
-Mediating: Job
embeddedness and
competency
requirements
-Moderating: Fear of
technology
-Dependent: Job
performance and

organizational well-
being

- Independen:
Artificial
intelligence (Al)
-Mediating:
Interpersonal trust
-Dependent:
Innovative
behavior,
performance
-Motivasi: Intrinsic
motivation, extrinsic
motivation

work
job

-Independen:
Organizational
adoption
-Mediating:
Challenge/hindrance
appraisal
-Moderator:

Al

Locus

479  workers
from 8 Chinese
companies
participated in
this
quantitative
study, which
used the time-
lag  approach
and Ordinary
Least Squares
(OLS)
analysis.

This
quantitative
research
involved
employees in
18 companies
in G city,using
path analysis
and multiple
regressionss,
controlling for
gender,
education, and
company size.

Methodical
and
Quantitative A
three-phase
(time-lag)
study of 332
workers from

performance
and HRM.

Al
embeddedness
has two effects:
(1) raising
competency
standards,
which enhances
performance
and well-being
on the job; and
(2) lowering
job
embeddedness,
which reduces
performance
and well-being.
The association
between work
embeddedness
and skill needs
is moderated by
technology
concern.
Al
promoted
creative
behavior
(0.305, p<0.01)
and greatly
improved job
performance
(0.520,
p<0.001). The
relationship
between Al and
creative
activity
mediated
interpersonal
trust.
additionally
boosts worker
motivation,
which results in
higher output.
Al adoption
affects
employee
perceptions
based on locus
of control.
Internal  locus

use

was
by

Al

Positive if Al
embeddedness
is mediated by
competency

needs, but
negative if
technology

anxiety is high

which can
reduce job
embeddedness.
Positively
influenced by
interpersonal
trust.
Positive with
the influence
of internal
locus of
control,
Negative
external
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14

Adoption
Influences
Employee Job
Crafting,
(Cheng et al.,
2023)

The two faces
of  Aurtificial
Intelligence
(AD:
Analyzing how
Al usage
shapes
employee
behaviors in
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Data for this
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three time
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survey of 280
Chinese hotel
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interviews and
NVivo
analysis,
involving
professionals
from nine
industries with
an average of
7.6 years of
experience.
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anxiety.
Technostress
due to
workload,
insecurity, and
complexity was
also identified,
emphasizing
the

Importance of
Upskilling and
knowledge
management to
support
employees.

Source: Developed by the authors from reviewed articles

Table 2. Variables that Exert Positive Influence on the Impact of AI on Employee

Performance
Variables that Deployment Effect (Tong et al., 2021), Tenure (Tong et al., 2021),
positively Knowledge
influence Al and Sharing (Shaikh et al., 2023)), Job Engagement (Prentice et al., 2023et al., ,
employee Service Performance (Prentice 2023), Upskilling Skills (Jaiswal et al., 2022),
performance Change Leadership (Wijayati et al., 2022), Authentic Leadership (Hao et al.,

2020), Team Atmosphere (Hao et al., 2020) Hao et al., 2020), Psychological
Safety (, 2020),
Psychological Empowerment, Psychological Empowerment (Fan et al.,
2023), RAISA (Robot, Artificial Intelligence, and Service Automation)
awareness (Lestari et al., 2023), Interpersonal Trust (S. Chen et al., 2024),
Competency Needs (N.
Chen et al., 2024), Motivation (S. Chen et al., 2024)), Internal Locus of
Control
(Cheng et al., 2023), Technological Self-Efficacy (Liu et al., 2024.
Variables that Disclosure Effect (Tong et al., 2021), Technological Leadership (Shaikh et
negatively affect al., 2023), Technostress (Lestari et al., 2023), Technology Anxiety (S. Chen
Al on employee et al., 2024, Lestari et al., 2023), Workplace Anxiety (Liu et al., 2024),
performance External Locus of Control
(Cheng et al., 2023)), Job Insecurity (Malik et al., 2022.
Source: Authors’ synthesis based on systematic literature review

Based on the investigation of the literature review, 14 articles were identified that focused on
artificial intelligence and employee job performance. The review process included 212 articles from
Scopus. We found 14 papers using PRISMA guidelines and inclusion and exclusion criteria, and we
arranged them in Table 1 according to the article’s identity, variables, research methodologies,
research findings, and the effect of Al on employee performance (whether positive or negative). The
characteristics that have a positive or negative impact on how Al affects employee performance
were then grouped in Table 2.
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Figure 2. Comparison Diagram of Positive and Negative Impacts of AI
Source: Authors’ own analysis based on systematic literature review

In Table 1, the 14 selected articles present evidence regarding both the positive and negative impacts
of artificial intelligence on employee performance. To strengthen the synthesis of findings, the
results were analyzed using a thematic categorization approach. The variables identified in the
literature were grouped into several conceptual themes that explain how Al influences employee
performance. These themes include: (1) individual capability and psychological factors, (2)
organizational and leadership support, and (3) technology-related risks and stress factors. Based on
the analysis, Al shows a predominantly positive influence on employee performance. Of the 14
articles analyzed, all studies reported positive impacts of Al on employee performance, while 7
studies also highlighted negative consequences associated with Al adoption. As illustrated in Figure
2, the results indicate that 67% of the findings demonstrate positive impacts, while 33% highlight
negative impacts. This pattern suggests that Al functions as a dual-impact technology,
simultaneously generating opportunities and challenges for employees. From the thematic analysis,
the positive impact of Al on employee performance can be categorized into three main groups.

First, individual capability and psychological factors. Several studies show that AI improves
employee performance by strengthening individual competencies and psychological resources. For
example, the deployment effect identified by Tong et al. (2021) demonstrates that Al
implementation can significantly improve work productivity. Similarly, employee tenure and the
development of new skills through upskilling programs (Jaiswal et al., 2022) help employees adapt
to Al-driven work environments. Other individual-level factors, such as psychological
empowerment, internal locus of control, and interpersonal trust, further strengthen employees’
ability to utilize AI technologies effectively. Second, organizational and leadership support.
Organizational conditions play an important role in determining whether Al adoption improves
employee performance. Studies indicate that organizational mechanisms such as knowledge sharing
(Shaikh et al., 2023), job engagement and service performance (Prentice et al., 2023), as well as
team atmosphere and psychological safety (Hao et al., 2020), create supportive environments that
facilitate effective Al adoption. Leadership-related factors such as change leadership and authentic
leadership also encourage employee adaptation and enhance performance outcomes in Al-enabled
workplaces. Third, technological awareness and adaptation factors.

Several studies highlight that awareness of Al technologies, such as Robot, Artificial Intelligence,
and Service Automation (RAISA) awareness, supports employee readiness to work with new
technologies and contributes to performance improvement. However, the literature also identifies
several themes associated with the negative impact of Al on employee performance. The first theme
relates to technology-related stress and anxiety. Studies show that AI adoption can increase
technostress, technology anxiety, and workplace anxiety (Lestari et al., 2023; Liu et al., 2024), which
may hinder employee performance and reduce motivation. The second theme concerns job
insecurity and perceived technological threats. The disclosure effect identified by Tong et al. (2021)
indicates that when employees are aware that feedback originates from Al systems, their trust may
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decrease, leading to lower productivity. Similarly, job insecurity caused by concerns about
automation and technological replacement (Malik et al., 2022) may negatively affect employee
attitudes toward Al adoption. The third theme involves individual perceptions and attitudes toward
technology. Employees with an external locus of control (Cheng et al., 2023) tend to perceive Al as
a threat or obstacle, which weakens technology acceptance and reduces performance outcomes.
Overall, the thematic synthesis indicates that the impact of Al on employee performance is shaped
by the interaction between individual, organizational, and technological factors. When organizations
support employees through leadership, training, and knowledge-sharing mechanisms, Al tends to
enhance productivity and work engagement. Conversely, when psychological concerns such as
anxiety, technostress, and job insecurity are not properly managed, Al adoption may negatively
influence employee performance. The word cloud presented in Figure 3 was constructed using the
variables identified as having a positive or negative influence on how Al affects employee
performance.

Word Cloud: Al and Employee Performance

(Resource Machlne Enhancement

Development k p ]_ a C e I
HR rlvenwen ics
Productivit
Automatlon / \

Satlsfactlon eci 510

Artificialeqq b anage.er

aboration on

Transformatlon

mpl YEE TalemHuma“r'Tcaé

Impact Reskilling or for‘ce

e Performance:

Figure 3. Word Cloud AI and Employee Performance
Source: Authors’ own visualization based on literature data

Fumre

Artificial intelligence (Al) plays a strategic role in improving employee performance across various
industries, although its implementation also brings several challenges that must be managed
effectively. Based on the results of the literature review, Al has been shown to improve employee
performance through several mechanisms, such as automation of routine tasks, improved decision-
making through data analysis, and enhanced collaboration between humans and intelligent systems.
Several studies demonstrate the positive contribution of Al to employee performance. For instance,
Tong et al. (2021) found that the deployment of Al increased employee performance by 12.9%,
mainly due to the efficiency created by automated feedback systems. Similarly, Shaikh et al. (2023)
showed that Al significantly improved the productivity of healthcare employees through the
mediating role of knowledge sharing and employee well-being. Other studies also highlight the
importance of mediating factors such as job engagement, service quality, and psychological
empowerment in strengthening the positive relationship between Al and employee performance
(Fan et al., 2023; Prentice et al., 2023). Al adoption also encourages employees to develop new
competencies. Jaiswal et al. (2022) found that employees must develop several key competencies to
adapt to Al-driven workplaces, including data analysis skills, digital literacy, advanced cognitive
abilities, decision-making skills, and continuous learning. In addition, leadership factors such as
change leadership and authentic leadership have been found to strengthen the positive impact of Al
adoption by creating supportive work environments that encourage employee engagement and
performance (Hao et al., 2020; Wijayati et al., 2022). However, despite its benefits, Al also
introduces several risks that may negatively affect employee performance. Tong et al. (2021) found
that when employees realized that performance feedback came from Al systems, their productivity
decreased due to reduced trust and concerns about job replacement. Similarly, studies by Lestari et
al. (2023) and Liu et al. (2024) revealed that Al adoption can increase technostress, technology
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anxiety, and workplace anxiety, which may hinder employee performance. Job insecurity and
concerns about technological change were also identified as significant challenges associated with
Al adoption (Malik et al., 2022).

From a theoretical perspective, the findings of this systematic literature review support several
theoretical frameworks used in this study. First, the Technology Acceptance Model (TAM) explains
that employees’ perceptions of usefulness and ease of use influence their willingness to adopt Al
technologies. When employees perceive Al as beneficial for improving efficiency and productivity,
they are more likely to accept and utilize the technology, leading to improved performance
outcomes. Conversely, negative perceptions of Al, such as fear of job replacement or low trust in
Al-generated feedback, may reduce technology acceptance and negatively affect performance.
Second, the Task Technology Fit (TTF) theory helps explain how the alignment between Al
capabilities and job requirements influences employee performance. When Al technologies are well
aligned with employee tasks, such as automating repetitive activities or providing decision-support
systems, they enhance productivity and work efficiency. However, when Al systems require
significant adjustments or create additional complexity in work processes, they may reduce
employee motivation and productivity. Third, Cognitive Appraisal Theory provides insight into
employees’ psychological responses to Al adoption. Employees who perceive Al as an opportunity
for learning and skill development tend to experience positive emotions such as motivation and
engagement. In contrast, employees who perceive Al as a threat may experience anxiety,
technostress, or job insecurity, which negatively affect performance. These findings confirm the
concept of the dual impact of Al, where the technology simultaneously generates opportunities and
challenges for employee performance depending on organizational support, technological
alignment, and employee perceptions.

This study contributes to the literature by providing a more integrated understanding of how artificial
intelligence influences employee performance from a dual-impact perspective. Previous studies
often focused either on the positive benefits of Al, such as productivity and efficiency, or on its
negative consequences, such as technostress and job insecurity. This study extends existing research
by integrating TAM, Task Technology Fit, and Cognitive Appraisal Theory to explain the dual
impact of Al on employee performance, highlighting how technological adoption, organizational
support, and psychological perceptions interact simultaneously in shaping employee outcomes. This
research demonstrates that the interaction between technological, organizational, and psychological
factors shapes the impact of AL. From a practical perspective, the findings suggest that organizations
need to adopt strategic approaches to maximize the benefits of Al while minimizing its negative
impacts. Organizations should focus on building employee trust in Al systems, providing training
and upskilling programs, and ensuring that Al technologies are aligned with employee tasks and
organizational goals. In addition, organizations should address the psychological challenges
associated with Al adoption by implementing strategies to reduce technostress and technology
anxiety. Leadership also plays a critical role in facilitating successful Al adoption. Supportive
leadership styles, such as change leadership and authentic leadership, can help create a work
environment that encourages employee engagement and reduces resistance to technological change.
Finally, companies should encourage collaboration and knowledge sharing among employees to
support the integration of Al into daily work processes. Such practices can enhance employees’
technological self-efficacy, strengthen interpersonal trust, and ultimately improve employee
performance. Future research is suggested to explore more deeply how psychological factors such
as psychological empowerment, psychological safety, and technostress interact with Al technologies
in different industries and organizational cultures. Longitudinal studies are also needed to examine
the long-term effects of Al adoption on employee productivity, innovation, and organizational
performance.
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CONCLUSION

The adoption of Al has both positive and negative effects on employee performance. Positive
impacts include increased productivity, job engagement, and psychological empowerment, while
negative impacts include decreased trust due to the disclosure effect, technostress, and anxiety
related to job replacement by Al. Variables that positively affect employee performance include
individual factors such as tenure, knowledge sharing, deployment effect, job engagement, and
upskilling, as well as leadership support such as authentic leadership and change leadership.
Conversely, factors such as disclosure effect, technostress, technology and workplace anxiety, and
job insecurity may hinder Al adoption and employee performance. Academically, this study
contributes by synthesizing prior research and highlighting the dual impact of AI on employee
performance from technological, organizational, and psychological perspectives. Practically,
organizations should strengthen employee empowerment, training, and upskilling programs,
supportive leadership, and a culture of trust to maximize the benefits of Al while reducing
technostress and technology anxiety. Future research is suggested to examine further the role of
psychological factors, organizational digital culture, Al trust, and leadership styles in Al adoption,
as well as to conduct longitudinal studies to understand better the long-term effects of Al on
employee performance across different industries.
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